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Abstract 
 
This article reports on the integrated findings of an exploratory sequential mixed methods 
research design aimed to understand data management behaviors and challenges of faculty at 
the University of Vermont (UVM) in order to develop relevant research data services. The 
exploratory sequential mixed methods design is characterized by an initial qualitative phase of 
data collection and analysis, followed by a phase of quantitative data collection and analysis, 
with a final phase of integration or linking of data from the two separate strands of data. A joint 
display was used to integrate data focused on the three primary research questions: How do 
faculty at UVM manage their research data, in particular how do they share and preserve data 
in the long-term?; What challenges or barriers do UVM faculty face in effectively managing 
their research data?; and What institutional data management support or services are UVM 
faculty interested in? As a result of the analysis, this study suggests four major areas of 
research data services for UVM to address: infrastructure, metadata, data analysis and 
statistical support, and informational research data services. The implementation of these 
potential areas of research data services is underscored by the need for cross-campus 
collaboration and support. 
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Introduction 
 
In 2014, the Association for College and Research Libraries (ACRL) Research Planning and 
Review Committee published its biennial review of the top trends in academic libraries. Under 
the trend of Data: New Initiatives and Collaborative Opportunities, the authors wrote, 
“Increased emphasis on open data, data plan managing, and ‘big data’ research are creating 
the impetus for academic institutions from colleges to research universities to develop and 
deploy new initiatives, service units, and resources to meet scholarly needs at various stages 
of the research process” (2014, 294). Two years later, data remained a top trend, explicitly 
highlighting the development of research data services by academic libraries, who are 
stepping into the role of service providers for research data management largely as a result of 
federal funding agency mandates (ACRL Research Planning and Review Committee 2016). 
 
Research data management (RDM) is defined as, “the organisation of data, from its entry to 
the research cycle through to the dissemination and archiving of valuable results” (Whyte and 
Tedds 2011, 1), and borrowing from Tenopir et al (2015), “refers to the broad suite of services 
or processes involving data, including services that assist with data management planning, 
finding repositories for both accessing and depositing data, metadata description, and 
preservation” (3). Pinfield, Cox, and Smith (2014) further elaborate, stating that RDM is, “a 
highly complex set of activities involving an array of technical challenges as well as a large 
number of cultural, managerial, legal and policy issues” (3). 
 
RDM has become a topic of scholarly interest for academic libraries, with numerous published 
studies looking at researchers’ current data management practices (Table 1). To date, these 
studies clearly align with either qualitative research methods, including interviews, focus 
groups, and document analyses, or quantitative research methods, in the form of a survey or 
questionnaire. The majority of these studies were conducted prior to government mandates 
requiring grant applicants to account for the sharing and long-term preservation of data, a key 
stimulus for academic libraries to address RDM (Fearon et al. 2013). 
 
These environmental scans of RDM have provided the impetus for institutional-level decisions 
on the development of research data services. Extending beyond RDM, research data services 
(RDS), also referred to as research data management services (RDMS), is defined by Fearon 
et al (2013) as, “providing information, consulting, training or active involvement in: data 
management planning, data management guidance during research (e.g. advice on data 
storage or file security), research documentation and metadata, research data sharing and 
curation (selection, preservation, archiving, citation) of completed projects and published 
data” (12). 
 
Several models have been developed to provide structure to RDS. Jones, Pryor, and Whyte 
(2013) of the Digital Curation Centre (DCC) developed the Components of RDM Support 
Services model that connects guidance, training, and support services to the different stages 
of research, including: support for data management planning, managing active data, data 
selection and handover, and sharing and preserving data, including data repositories. Pinfield, 
Cox, and Smith (2014) developed a library-oriented model of institutional RDM that focuses on 
Institutional Drivers (i.e. Why should institutions engage with RDM?), Stakeholders (i.e. Who is 
involved in the institutional RDM program?), Influencing Factors (i.e. How will the program be 
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Method Author(s) Institution Sample Size 
Interviews               
Diekmann (2012) The Ohio State University 14 participants 
Lage, Losoff, and Maness 
(2011) University of Colorado Boulder 26 participants 
Marcus et al (2007)* University of Minnesota 7 participants 
Peters and Dryden (2011) University of Houston 10 participants 
Walters (2009) Georgia Institute of Technology 5 participants 
Westra (2010) University of Oregon 25 participants 
Williams (2013) University of Illinois at Urbana-Champaign 7 participants 
Witt et al (2009) 
Purdue University 
University of Illinois at Urbana-
Champaign 
19 participants 
  
Focus Groups       
Bardyn, Resnick, and Camina 
(2012) 
University of California Los  
Angeles 
2 groups 
8 participants 
Marcus et al (2007)* University of Minnesota 18 groups 65 participants 
Mattern et al (2015) University of Pittsburgh 2 groups 8 participants 
McLure et al (2014) Colorado State University 5 groups 31 participants 
  
Document Analysis     
Mischo, Schlembach, and 
O’Donnell (2014) 
University of Illinois at Urbana-
Champaign 1,260 documents 
Parham et al (2016) multi-institution 500 documents 
Parham and Doty (2012) Georgia Institute of Technology 181 documents 
  
Akers and Doty (2013) Emory University 13 questions 330 respondents 
Survey                 
D’Ignazio and Qin (2008) 
SUNY College of Environmental 
Science & Forestry 
Syracuse University 
--- 
111 respondents 
Diekema, Wesolek, and  
Walters (2014) multi-institution 
16 questions 
196 respondents 
Parham, Bodnar, and Fuchs 
(2012) Georgia Institute of Technology 
--- 
63 respondents 
Scaramozzino, Ramírez, and 
McGaughey (2012) 
California Polytechnic State Uni-
versity, San Luis Obispo 
18 questions 
82 respondents 
Steinhart et al (2012) Cornell University 43 questions 86 respondents 
Tenopir et al (2011) multi-institution 23 questions 1,329 respondents 
Weller and Monroe-Gulick 
(2014) University of Kansas 
--- 
415 respondents 
Whitmire, Boock, and Sutton 
(2015) Oregon State University 
29 questions 
443 respondents 
Table 1: Comparison of methods used in data management studies 
*Multiple methods used in single study 
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shaped?), and Programme Components (i.e. What strategies, policies, guidelines, processes, 
technologies, and services does an RDM program consist of?). 
 
Beyond the theoretical, numerous articles have been published either detailing the status of 
RDS implementation across institutions or case studies highlighting RDS within an institution. 
The plethora of research studies on this topic establish that RDS has been a library-driven 
initiative to date. Recent studies have provided a somewhat contradictory perspective on the 
adoption of RDS at colleges and universities. A recent study of ACRL library directors shows 
that almost 75% of survey respondents were not involved in RDS (Tenopir et al. 2015). These 
numbers changed little from an earlier study, completed in 2011, that assessed the percentage 
of libraries that currently offer, plan to offer, or do not plan to offer RDS, and which revealed 
that there was little or no demand for RDS from patrons at many institutions (Tenopir, Birch, 
and Allard 2012). Conversely, a separate study of science librarians affiliated with ARL libraries 
found that approximately 60% of respondents indicated that their university provided data 
management assistance, and approximately 20% were planning such services (Antell et al. 
2014). 
 
Despite the conflicting accounts reported, library directors in Tenopir et al’s 2015 study agree 
that the issues of RDM are important, and that directors at research institutions in particular 
see that the library needs to participate in RDS in order to remain relevant within their 
academic institution. In one study, it was suggested that, “the absence of RDS would 
adversely affect the institution's perception of the library in terms of relevance and prestige, 
that provision of RDS would augment the institution's research impact, and that the absence of 
RDS would put the institution at a disadvantage for grants” (Tenopir et al. 2014, 86). MacColl 
(2010) wrote that, “Without the assistance of the library to curate, advise on and preserve the 
manifold outputs of [scholarly] activity, while individual scholars may still manage to thrive and 
build their reputations, they will do so within an impoverished infrastructure for scholarship, 
using a compromised archive, and their legacy to future scholars will be insecure” (167). 
 
Case studies of current RDS illuminate the role academic libraries have been playing in RDM. 
Raboin, Reznik-Zellen, and Salo (2012) write about the experiences, challenges, and 
opportunities of developing institutional RDS at the University of Wisconsin-Madison, the 
University of Massachusetts Amherst, and Tufts University. Two articles highlight RDS at the 
Johns Hopkins University: the development of data management services encompassing data 
storage, data archiving, data preservation, and data curation, and the development of data 
management consultation services (Varvel and Shen 2013). Rice and Haywood (2011) discuss 
the University of Edinburgh’s process of drafting a university policy related to RDM, while 
Wilson et al (2011) highlight the implementation of data management infrastructure at the 
University of Oxford. Fearon et al (2013) include a list of detailed case studies and selected 
resources in their ARL SPEC Kit 334: Research Data Management Services. 
 
What becomes clear through the breadth of articles and case studies published on this topic is 
that there is no prescriptive, out-of-the-box approach to RDS for institutions to adopt, and that 
any service developed needs to be relevant to each institution’s population. The 2010 ARL 
report findings state, “There is great diversity in the strategies employed by institutions to 
address the needs of their researchers. Current strategies range from a decentralized series of 
data support services in a variety of departments or units to the creation of committees to 
discuss campus data needs and services along with the creation of centralized data centers to 
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provide that support. The diversity of response reflects the needs and culture of the 
institutions, which is to be expected” (Soehner, Steeves, and Ward 2010, 20). Weller and 
Monroe-Gulick (2014) write, “Rather than adopt a blanket, ‘one-size fits’ all model, these 
research data services should be provided with a detailed and nuanced understanding of their 
users” (467), and Raboin, Reznik-Zellen, and Salo (2012) concur, noting “there is no single 
foolproof template that will produce a successful service everywhere” (138). 
 
Study Design  
 
Qualitative research methodologies are used to explore why or how a phenomenon occurs, to 
develop a theory, or describe the nature of an individual’s experience, while quantitative 
methodologies address questions about causality, generalizability, or magnitude of effect 
(Fetters, Curry, and Creswell 2013). Mixed methods research, frequently referred to as the 
‘third methodological orientation’ (Teddlie and Tashakkori 2008), draws on the strengths of 
both qualitative and quantitative research. While there is no universal definition of mixed 
methods research, Creswell and Plano Clark (2011) outline its core characteristics: In a single 
research study, both qualitative and quantitative strands of data are collected and analyzed 
separately, and integrated – either concurrently or sequentially – to address the research 
question. Onwuegbuzie and Combs (2010) concur, writing, “mixed analyses involve the use of 
at least one qualitative analysis and at least one quantitative analysis – meaning that both 
analysis types are needed to conduct a mixed analysis” (414). Instead of approaching a 
research question using the binary lens of quantitative or qualitative research, the mixed 
methods research approach has the ability to advance the scholarly conversation by drawing 
on the strengths of both methodologies.  
 
In this study, an exploratory sequential mixed method research (MMR) design was selected in 
order to broadly explore and understand data management practices, behaviors, and 
preferences of faculty at the University of Vermont (Figure 1). This research was guided by 
four research questions: 
 
RQ1: How do faculty at UVM manage their research data, in particular how do 
they share and preserve data in the long-term? (qualitative and quantitative) 
 
RQ2: What challenges or barriers do UVM faculty face in effectively managing 
their research data? (qualitative and quantitative) 
 
RQ3: What institutional data management support or services are UVM faculty 
interested in? (quantitative) 
 
RQ4: How do researchers’ attitudes and beliefs towards the data management 
planning process influence their data management behaviors, in particular, how 
do they intend to share and preserve their data? (quantitative) 
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In an exploratory design, qualitative data is first collected and analyzed, and themes are used 
to drive the development of a quantitative instrument to further explore the research problem 
(Creswell and Plano Clark 2011; Teddlie and Tashakkori 2008; Onwuegbuzie, Bustamante, 
and Nelson 2010). As a result of this design, three stages of analyses are conducted: after the 
primary qualitative phase, after the secondary quantitative phase, and at the integration phase 
that connects the two strands of data and extends the initial qualitative exploratory findings 
(Creswell and Plano Clark 2011). This article reports on the final integration phase of the 
research. 
 
The primary objective of this research study is to understand researchers’ current behaviors 
and challenges related to data management in order to guide the development of research 
data services at the University of Vermont. As a result, the analysis of RQ4 is not addressed in 
this article as it proposes the development of a bipolar adjective scale to assess attitudes and 
beliefs towards the data management planning process in order to measure intention of 
implementing formal data management plans. 
 
Qualitative Data Collection & Analysis 
 
In the first phase of this MMR study, data was collected from UVM faculty who received 
National Science Foundation (NSF) grants between 2011-2014, and who had submitted a data 
management plan (DMP). Primary qualitative data included textual analysis of DMPs (N=35) 
and semi-structured interviews with a purposeful sample (N=6), reflective of a diversity of 
academic disciplines and NSF Directorates. An interview protocol was used to guide the semi-
structured interviews, using the Data Lifecycle Model as a conceptual model (DDI Alliance 
Structural Reform Group 2004). The focus of the interviews was on data management 
planning, including data management activities (e.g. creation and use of metadata; short-term 
storage of data; long-term data storage and preservation; data sharing practices) and related 
challenges; and issues of institutional support. Transcripts and data management plans were 
entered into HyperRESEARCH 3.5 qualitative data analysis software for coding. The 
qualitative data was then coded using a constant comparative method (Charmaz 2006; Glaser 
Figure 1: Exploratory sequential mixed methods research design 
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and Strauss 1967) to elicit themes. A complete description of the qualitative collection and 
analysis strategies has been described elsewhere (Berman 2017a). 
 
Quantitative Data Collection & Analysis 
 
Data from the qualitative phase were used to develop a survey instrument for the second 
quantitative phase of the MMR study. The survey measured the following dimensions: data 
management activities; data management plans; data management challenges; data 
management support; attitudes and behaviors towards data management planning; and 
demographics. Questions were built from the salient themes that emerged from the qualitative 
data analysis, and used the theory of planned behavior (TBP) (Ajzen and Fishbein 2000; Ajzen 
2005; Ajzen 1991) as a conceptual underpinning to evaluate attitudes and beliefs towards data 
management planning. The survey was deployed to all current UVM faculty and researchers in 
an attempt to generalize the findings from the initial qualitative research, which focused only on 
successful NSF grantees. A total of 319 respondents completed the survey for a 26.8% 
response rate. Survey data was analyzed using SPSS version 22 for descriptive and inferential 
statistics. A complete description of the quantitative data collection and analysis strategies 
utilized has been described elsewhere (Berman 2017b). 
 
Mixed Methods Data Analysis 
 
The use of both qualitative and quantitative data collection methods in a single study is not 
sufficient enough to categorize a study as ‘mixed methods.’ It is in the integration or linking of 
the two strands of data that defines mixed methods research and highlights its value. 
Integration can happen at multiple levels of a study – design-level, methods-level, or 
interpretation-level – and can happen in a variety of different ways – connecting, building, 
merging, or embedding (Fetters, Curry, and Creswell 2013; Creswell and Plano Clark 2011). In 
this study, the first linking of data happened at the design-level with the use of a sequential 
design, where the results from the first phase of the research were used to build the second 
stage of the research design. 
 
In order to more fully address the research questions interpretation-level integration occurred, 
connecting the qualitative data from phase one of the study with the quantitative data from 
phase two of the study using a joint display (Table 2). A joint display allows data to be visually 
brought together to “draw out new insights beyond the information gained from the separate 
quantitative and qualitative results” (Fetters, Curry, and Creswell 2013, 2143). As seen in 
Table 2, sample quotes from the qualitative interviews were compared and contrasted to 
results from the statistical analyses of the survey data. Points of contention and areas of 
convergence between the qualitative and quantitative phases were dissected in the final 
analysis phase in order to form meta-interferences, or an overall understanding developed 
through integration of data strands (Teddlie and Tashakkori 2008). The connected data was 
interpreted within the scope of the study’s purpose: to understand researchers’ current data 
management behaviors, challenges, and preferences, in order to guide the development of 
RDS at UVM. 
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Table 2: Joint display comparison of data from qualitative and quantitative strands 
Theme In-Person Interviews1 DMP Document  Analysis1 Survey
2 
RQ1a. Data  
Management  
Activities:  
Metadata 
“Metadata? I have written 
some things to help the 
grad students work with the 
data more efficiently. Like, 
‘Here’s a standard and 
here’s a script that checks 
to make sure that your files 
are conforming to that 
standard.’ It’s not very  
formalized.” 
x 25.7% (N=35) of DMPs 
mentioned specific 
metadata standards 
x 28.1% of survey respondents 
(N= 178) generate metadata 
x 3.9% (N=178) use known 
metadata standards 
RQ1b. Data  
Management  
Activities:  
Data Sharing 
“I like sharing data when it’s 
possible. Sometimes there 
are NDAs [non-disclosure 
agreements] on these 
things. It would be nice to 
make available once we are 
able to get some papers 
out, because there is a  
notion of being scooped.” 
x 20.0% (N=35) of DMPs 
do not share data  
because of specific  
data sharing restrictions 
x 94.3% (N=35) of DMPs 
share data via  
publications or  
presentations 
x 4.0% of survey respondents 
(N=208) ‘always’ or ‘often’ do 
not share data 
x 25.6% (N=199) are 
‘significantly limited’ in sharing 
data because of confidentiality 
concerns 
x 23.8% (N=199) are 
‘significantly limited’ in sharing 
data because of lack of time, 
personnel, or available  
infrastructure 
x 15.6% (N=199) are 
‘significantly limited’ in sharing 
data because of intellectual 
property concerns 
x 50.0% of survey respondents 
‘always’ or ‘often’ share data 
via publications or  
presentations 
RQ1c. Data  
Management  
Activities:  
Long-Term Data 
Preservation 
“We want to keep [the data] 
around [on external hard 
drives], but it’s not going to 
be updated.” 
x 48.6% of DMPs (N=35) 
deposit data into  
repositories 
x 91.4% of DMPs (N=35) 
use hard drives or  
external media to store 
data long-term 
x 7.7% of survey respondents 
(N=208) deposit data into  
repositories 
x 64.7% of survey respondents 
(N=208) use external hard 
drives or media to store data 
long-term 
1 Berman, E. A. (2017a). An Exploratory Sequential Mixed Methods Approach to Understanding Researchers’ 
Data Management Practices at UVM: Findings from the Qualitative Phase. 
2 Berman, E. A.  (2017b). An Exploratory Sequential Mixed Methods Approach to Understanding Researchers’ 
Data Management Practices at UVM: Findings from the Quantitative Phase. 
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Theme In-Person Interviews1 DMP Document Analysis1 Survey
2 
RQ2.  
Challenges/
Barriers to 
Data  
Management 
“What do you really get in terms 
of research support? One of the 
things I always wonder when I 
get these big grants and I see the 
overhead taken off is, ‘What does 
my overhead fee go towards, 
exactly?’ It’s not my desk. It’s not 
these computers. It’s not a fancy 
mahogany locker at the gym. 
And it’s not for storage, right? So 
what infrastructure and support 
do we get from ETS?” 
n/a x 68.6% of survey respondents 
(N=191) found it ‘easy’ or 
‘somewhat easy’ to store data 
short term (5 years or less) 
x 44.5% (N=191) found it ‘easy’  
or ‘somewhat easy’ to store data 
long term (more than 5 years) 
x 45.0% (N=191) found it ‘difficult’ 
or ‘somewhat difficult’ to track 
updates to data (i.e. versioning) 
x 42.4% (N=191) found it ‘difficult’ 
or ‘somewhat difficult’ to describe 
data 
x 18.0% of respondents who  
have submitted a DMP (N=50)  
experience no challenges  
with data management 
        
RQ3. Interest 
in Data  
Management 
Support & Ser-
vices 
“Is it expensive to [deposit data in 
a data repository]? Because I’m 
riding high on these grants now, 
but ten years from now? Is there 
a permanent fee? If it’s free, of 
course that would be great.” 
  
“I think the challenge of all these 
data repositories is your chances 
of making everyone happy are 
slim. Slim to none.” 
n/a x 69.6% of survey respondents 
(N=188) found it ‘very important’ 
for UVM to spend resources on 
statistical/data analysis support 
x 55.9% (N=188) found it ‘very  
important’ for UVM to spend  
resources on long-term data  
storage 
x 53.7% (N=188) found it ‘very  
important’ for UVM to spend  
resources on short-term data 
storage 
x 51.6% of survey respondents 
(N=192) are interested in DMP 
tools and templates 
x 36.5% (N=192) interested in  
institutional data repository 
        
RQ4.  
Perceptions 
of/Attitudes 
towards DMPs 
"I’ve been on review panels, and 
nobody says anything about the 
data management plan.  
Everybody reads it to check that 
they’re there, but nobody makes 
any comment.” 
n/a x Bipolar adjective scale data to be 
analyzed in future  
publications 
Table 2 (continued): Joint display comparison of data from qualitative and quantitative strands 
1 Berman, E. A. (2017a). An Exploratory Sequential Mixed Methods Approach to Understanding Researchers’ 
Data Management Practices at UVM: Findings from the Qualitative Phase. 
2 Berman, E. A.  (2017b). An Exploratory Sequential Mixed Methods Approach to Understanding Researchers’ 
Data Management Practices at UVM: Findings from the Quantitative Phase. 
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Results 
 
Institutional and Study Demographics 
 
The University of Vermont is a public land-grant institution with a student enrollment of 12,000 
undergraduate and graduate students and a faculty of 1,200 (University of Vermont 2017). 
UVM is a higher research activity Research University (The Carnegie Classification of 
Institutions of Higher Education 2017), regionally comparable to Boston College, Drexel 
University, Northeastern University, University of Maine, and University of New Hampshire. 
UVM Libraries is comprised of two libraries – the Bailey/Howe Library and the Dana Medical 
Library – with a FTE of 81.70 and an annual collection budget of approximately $7 million 
(UVM Libraries 2015). 
 
Qualitative interview participants were drawn from fields connected to the NSF Directorates or 
disciplinary areas that support science and engineering research: Biological Sciences; 
Computer & Information Science & Engineering; Education & Human Resources; Engineering; 
Geosciences; Mathematical & Physical Sciences; and Social, Behavioral & Economic Sciences 
(National Science Foundation 2017). Faculty in the sciences represented 80% of the document 
analyses (N=35) and 66.7% of the interviews (N=6); the remaining faculty were from the social 
sciences. Quantitative survey participants were drawn from across the campus, with STEM 
faculty representing 68% of the survey respondents and social sciences and humanities each 
representing 16% (N=319). Descriptive statistics comparing these samples can be found in 
Table 3. 
 
RQ1. How do faculty at UVM manage their research data, in particular how do they share and 
preserve data in the long-term? 
 
Research data management, structured around the Data Lifecycle Model (DDI Alliance 
Structural Reform Group 2004), focuses on a variety of activities, including: types of data 
collected, data file size, generation and use of metadata, short-term (five years or less) data 
storage, long-term (more than five years) data storage and preservation, data retention, and 
data sharing practices and limitations. Combining the results from both the qualitative and the 
quantitative phases provide a detailed understanding of researcher behaviors at UVM, most 
notably that there is no ‘typical’ researcher. Because quantitative and qualitative research 
methods are “not inherently linked to any particular inquiry paradigm” (Greene, Caracelli, and 
Graham 1989, 256), researchers collect a variety of data sources and demonstrate a variety of 
behaviors in managing it, and this diversity has been documented in similar research studies 
(Weller and Monroe-Gulick 2014; Whitmire, Boock, and Sutton 2015). For the purposes of this 
study, it is worthwhile to focus on three RDM behaviors that are central to federal data sharing 
mandates, a prime driver for RDS: the creation and use of metadata; data sharing; and long-
term data preservation. 
 
Evidence from both the qualitative and quantitative strands confirm a general lack of metadata 
creation to describe the primary data, very much in line with findings from other published 
research (Akers and Doty 2013; Diekema, Wesolek, and Walters 2014; Qin and D’Ignazio 
2010; Scaramozzino, Ramírez, and McGaughey 2012; Steinhart et al. 2012; Tenopir et al. 
2011; Whitmire, Boock, and Sutton 2015). While approximately half of the data management 
plans mentioned metadata, only one-quarter of those directly referenced a known standard, 
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   Population 
QUAL  
Sample: DMP 
QUAL  
Sample: Interview 
QUAN  
Sample 
Discipline         
  Arts & Humanities 177 14.9% 
0 
0.0% 
0 
0.0% 
38 
16.0% 
  Social Sciences & Business 236 19.8% 
8 
22.9% 
2 
33.3% 
38 
16.0% 
  STEM 777 65.3% 
27 
77.1% 
4 
66.7% 
162 
68.0% 
  TOTAL 1,190 35 6 238 
College3         
  BSAD 31 2.6% 
0 
0.0% 
0 
0.0% 
5 
2.0% 
  CALS 60 5.0% 
4 
11.4% 
1 
16.7% 
14 
5.6% 
  CAS 314 26.4% 
15 
42.9% 
2 
33.3% 
85 
34.1% 
  CEMS 77 6.5% 
12 
34.3% 
2 
33.3% 
18 
7.2% 
  CESS 64 5.4% 
0 
0.0% 
0 
0.0% 
19 
7.6% 
  CNHS 54 4.5% 
0 
0.0% 
0 
0.0% 
12 
4.8% 
  COM 551 46.3% 
0 
0.0% 
0 
0.0% 
86 
34.5% 
  RSNER 39 3.3% 
4 
11.4% 
1 
16.7% 
10 
4.0% 
  TOTAL 1,190 35 6 249 
Rank4         
  Full professor 308 25.9% 
n/a 2 
33.3% 
59 
23.4% 
  Associate professor 364 30.6% 
n/a 2 
33.3% 
81 
32.1% 
  Assistant professor 298 25.0% 
n/a 2 
33.3% 
80 
31.7% 
  Other 220 18.5% 
n/a 0 
0.0% 
32 
12.7% 
  TOTAL 1,190 35 6 252 
Gender         
  Female 493 41.5% 
6 
17.1% 
2 
33.3% 
129 
51.2% 
  Male 697 58.5% 
29 
82.9% 
4 
66.7% 
123 
48.8% 
  TOTAL 1,190 35 6 252 
Table 3: Descriptive statistics of participants in MMR research study 
3 BSAD = Business Administration; CALS = Agriculture & Life Science; CAS = Arts & Science;  
CEMS = Engineering & Mathematical Sciences; CESS = Education & Social Services;  
CNHS = Nursing & Health Sciences; COM = Medicine; RSENR = Environment & Natural Resources. 
4 Rank at time of DMP submission was not available. 
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such as Darwin Core (DC) or Ecological Metadata Language (EML). These numbers were 
even lower in the survey results, with only seven out of 319 total respondents indicating that 
they use known metadata standards; these seven respondents had all successfully submitted 
DMPs for grant funding. The remaining study participants who used metadata described their 
data using standards individually developed, often in the form of ReadMe files or codebooks. 
 
Independently, both strands of data indicate that respondents are willing to share their data 
with others outside of their research groups. Despite this willingness to share data, both 
phases of the study demonstrate particular obstacles – internal and external – that limit the 
sharing of data. For researchers who have submitted DMPs, the issues focused around fear of 
misinterpretation, intellectual property concerns, and a variety of legal issues, including 
confidential, proprietary, or classified information. The major limitations from the quantitative 
phase of the study focused on the ability to maintain confidentiality, the lack of time, personnel, 
and tools/infrastructure to make data available, and intellectual property concerns. 
 
The most common data sharing method in both phases of the study were via publications and 
presentations; almost one-third of the DMPs were exclusively sharing research data via these 
scholarly pathways. Data repositories, which serve a dual function for data sharing and data 
preservation, were an infrequent response in both phases of the study. Seventeen out of 218 
survey respondents and 17 out of 35 DMPs mentioned depositing data into specific 
repositories, such as GenBank or the Long-Term Ecological Research Network (LTER). More 
common methods for long-term preservation of data included external hard drives or other 
media and campus network servers. 
 
RQ2. What challenges or barriers do UVM faculty face in effectively managing their research 
data? 
 
The quantitative research respondents were directly asked to rate their level of difficulty with 
specific data management activities, while qualitative participants were prompted to indirectly 
discuss challenges they have faced with managing research data more generally. Qualitative 
research participants were more likely to focus outward on the lack of University-level support 
and infrastructure available for preservation of their data – in particular, storage – while 
quantitative survey respondents were more likely to focus inward on organizational issues, 
such as tracking updates to data (i.e. versioning), describing data, and ensuring the data were 
secure. One discordant finding when integrating the data is that, while interview participants 
focused on the lack of short-term storage options for their data, the majority of the survey 
respondents (68.6%, N=191) found short-term data storage easy or somewhat easy. In line 
with the findings related to use of metadata, approximately 12% of the survey respondents 
(N=191) found it easy or somewhat easy to describe data. 
 
Focusing on researchers who have submitted a DMP, the quantitative results expand upon the 
results of the qualitative phase. The top challenge identified via the interviews was a lack of 
institutional research support, while survey results were more nuanced, showing that a lack of 
guidance from the institution on data management and lack of appropriate infrastructure for 
long-term data storage were the top challenges. It is also worth noting that of those who have 
submitted a DMP, 18% of survey respondents (N=50) indicated they experienced no 
challenges managing their data. 
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RQ3. What institutional data management support or services are UVM faculty interested in? 
 
While the questions in the qualitative interviews focused more on an institutional data 
repository, the survey instrument was used to expand on potential institutional RDS. Using a 
structure proposed by Tenopir et al (2014), RDS can be categorized into either informational/
consulting services, such as identifying data repositories or providing DMP templates, or 
technical/hands-on services, such as building an institutional data repository or providing 
metadata. Table 4 organizes the quantitative data into these two categories. 
 
Table 4: Support for and interest in RDS 
  Q39 How important do you think it is 
for UVM to spend resources on 
providing the following services 
(Very Important)? (N=191) 
Q40 Would you be interested in 
any of the following data man-
agement support activities? (Yes) 
(N=192) 
Informational/Consulting 
Guidance on privacy/confidentiality 
(46.3%) 
Data management plan templates 
and tools (51.6%) 
Guidance on writing data management 
plans (38.9%) 
Informational website with best 
practices and campus resources 
(46.9%) 
Guidance on depositing data into data 
repository (37.8%) 
Data management consultation 
(33.9%) 
Guidance on intellectual property  
issues (36.8%) 
Data management plan workshops 
(27.1%) 
Guidance on how to use appropriate 
metadata standards (36.1%) 
Tools for sharing research data 
(26.0%) 
  
Compliance with policies, legal  
requires, and ethical standards 
(24.0%) 
  Help identifying repositories to  submit data to (9.9%) 
  Assistance finding and accessing secondary data (6.8%) 
  Information about citing data  resources (3.5%) 
      
Provision of statistical and other data 
analysis support (69.6%) 
Data storage and preservation 
(50.0%) 
Technical/Hands-On 
Data security support (58.7%) Institutional data repository (36.5%) 
Long-term data storage (more than 5 
years) (56.8%) 
Assistance meeting data sharing 
and/or data management  
requirements of funding agencies 
(28.1%) 
Short-term data storage (5 years or 
less) (55.2%) Producing metadata (13.5%) 
Provision of advanced computing  
options (41.5%) Data set purchasing (9.4%) 
Acquiring unique identifiers for data 
sets (26.5%) 
Assistance in selecting data to  
preserve for the long-term (7.8%) 
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Combining qualitative and quantitative results, faculty at UVM show high levels of interest in 
and support for technical RDS. The need for storage infrastructure has been enumerated 
above, and is confirmed with 50.0% of survey respondents showing interest in “data storage 
and preservation.” For services that the institution should devote resources to, more than  
two-thirds of the respondents mentioned “provision of statistical and other data analysis 
support,” followed by “data security support,” “long-term data storage,” and “short-term data 
storage.” Approximately one-third of survey respondents showed interest in the creation of an 
institutional data repository; this neither confirms nor contradicts the attitudes expressed during 
the interviews regarding data repositories, but provides a complicated view of the data to 
consider in the development of RDS. And while metadata has proven challenging for 
participants in the study, there was little interest in guidance on metadata creation or in 
services that produce metadata. 
 
The survey also elicited data on informational RDS. Approximately half of the survey 
respondents indicated interest in both “data management plan templates and tools” and an 
“informational website with best practices and campus resources.” While these do-it-yourself 
tools were rated highly by respondents, educational opportunities – including consultations and 
workshops – yielded far less interest. Likewise, assistance identifying data repositories, finding 
secondary data, and citing data prompted negligible interest as well. 
 
Discussion 
 
In line with the pragmatic impetus for this research study, it is useful to discuss the significance 
of findings in relation to the ultimate aim of the study: to develop research data management 
services at UVM. RDS includes a wide range services from informational, including data 
management plan support and data management best practices, to technical, including 
metadata, data sharing and access, data storage and backup, data security, research file 
organization and naming, and data citation. Martin (2015) writes, “[Research data] services 
need to go beyond helping researchers and grant writers develop required Data Management 
Plans. Services must extend beyond the planning phase to ongoing education about how to 
organize and manage the data, and offering services for preserving and archiving, as well as 
analytical and other statistical consultation services” (3). As a result of the integrated analysis, 
there are four major research data services to be considered by UVM: infrastructure, 
metadata, statistical support, and informational services. 
 
Infrastructure 
 
Uncertainty and confusion were pervasive in the qualitative and quantitative results as to what 
storage infrastructure is available to UVM faculty. The volume of data being created by 
researchers for a single project is typically quite small, with the majority of projects averaging 
less than 100 gigabytes; only a small subset of researchers routinely handle more than 1 
terabyte of data. A particular outcome of this ‘small data’ research is an over-reliance on 
computer, laptop, or external hard drives both for short- and long-term storage solutions, a 
concern noted elsewhere in the literature (Pinfield, Cox, and Smith 2014; Whitmire, Boock, and 
Sutton 2015). The cost of data storage, for any length of time, appears to be a driving factor 
when considering data storage options. The qualitative interviews demonstrated concerns 
about costs of data repositories and confusion about the amount of ‘free’ storage campus IT 
provides. One respondent from the survey commented, “Data is stored on laboratory 
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computers. This is indefinite storage and doesn’t require any funds.” This is a naïve, but 
common, belief that doesn’t account for data expiration or technical failure.  
 
Storage is seen as both a high priority that UVM needs to address, but also a relatively easy 
activity for the majority of researchers to manage. This contradiction has several potential 
causes: the blanket use of the term ‘storage’ by researchers represents both short-term and 
long-term storage (preservation), conflating the issue; the relatively common practice of 
researchers to buy additional storage space using personal funds; and confusion as to what 
infrastructure resources are currently available through UVM. It could also suggest that, while 
storage is easy to manage, compromises are being made in how data is stored and that 
researchers are envisioning a system that better meets their needs. 
 
For grant-funded researchers, the issue of storage becomes more acute. As one survey 
respondent wrote, “We as researchers are the stewards of the data on NIH grants but in fact 
the University owns the data and is responsible for its backup, storage, and maintenance for 
the length of time required by federal regulations,” while another directly stated, “I believe the 
university should pay for the data storage if they want to associate their name or claim co-
ownership of the data. They like when the UVM affiliation appears on a high profile paper but 
they do not currently contribute to the preservation of that data or research.” Underlying these 
statements is a key question: What infrastructure needs should be guaranteed to researchers 
at UVM? 
 
Based on the mixed responses in both strands of data, developing an institutional data 
repository – which would help account for long-term data preservation as well as data sharing 
– is not a priority solution for UVM at this time. UVM’s institutional repository, ScholarWorks @ 
UVM, was launched in 2013 and is still gaining traction within the academic community; the 
lukewarm support for a data repository observed in the integrated analysis suggests that 
creating a data repository would have a negligible effect towards addressing researchers’ 
challenges and concerns. Yet it should remain an area for the University to pay particular 
attention to; several interview participants who had submitted DMPs were excited by the idea 
of an institutional data repository, and as more faculty are required to submit formal data 
management plans, the scales may continue to tip in this direction. 
 
A more pressing matter seen in the two strands of data is the overall state of UVM’s 
technological infrastructure. The qualitative interviews highlighted how “woefully understaffed” 
campus IT was, which parallels a comment from the survey: “The fragmented and 
understaffed nature of UVM IT offices is another major hurdle to research and data 
management. I think UVM would do well to work on improving its basic technology 
infrastructure and IT staffing before, or at least in conjunction with, more specialized 
opportunities.” Multiple survey respondents commented on the difficulty of sharing files and 
research data within research groups due to inadequate infrastructure – a sentiment also 
expressed during the interviews – noting it would be near impossible to share the same files 
externally. While there are no easy or immediate solutions for UVM, addressing infrastructure 
and storage issues has proved to be a major leverage point at other institutions to garner 
support and action around RDM activity (Pinfield, Cox, and Smith 2014; Raboin,  
Reznik-Zellen, and Salo 2012).  
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Metadata 
 
Metadata proved to be a significant challenge for researchers in both phases of the study, 
whether directly acknowledged or not. In particular, there is a notable discordance between 
direct questions about researchers’ use – or disregard – of metadata standards, challenges 
researchers face in describing data, and researchers’ desire for metadata support or services. 
In looking at the connected results for RQ1, it is worthwhile to note that the requirement of 
DMPs as part of the grant proposal process has raised the awareness of the need for 
describing data and available metadata schema; as more granting agencies require formal 
DMPs, it is reasonable to assume that awareness will continue to grow.  
 
At the same time, it is clear that the ‘why’ of metadata – not just the ‘what’ of metadata – needs 
to be further contextualized and supported for researchers to understand that structured 
metadata is essential to helping others find, access, and make sense of data. This study’s 
ambiguous understanding of metadata suggests that researchers are either unfamiliar with the 
term ‘metadata’ or are unable to adhere to the protocols of metadata schema for any number 
of reasons. This latter point, in particular, may be better understood by further analysis of the 
bipolar adjective scale measuring attitudes and intentions towards data management.  
  
The issue of unfamiliarity with metadata generally or metadata schema specifically has 
provided opportunity for outreach and engagement for some institutions (Whitmire, Boock, and 
Sutton 2015), yet it’s notable that a study at Cornell University found that nearly two-thirds of 
survey respondents would not use a metadata service, regardless of cost (Steinhart et al. 
2012). Given personnel constraints within the UVM Libraries, the low levels of interest 
demonstrated in the survey, and a lack of RDS at even the most basic level, this would not be 
a productive area for UVM to address in the near-term. Survey respondents indicated that 
funding agency websites were their main source of guidance when they had questions about 
creating DMPs; it is fair to suggest that these agencies bear greater responsibility in providing 
sufficient information so that researchers can successfully meet funding requirements. And, as 
study participants indicated, the RDM needs of researchers are so different across – and even 
within – disciplines that a top-down approach to metadata education and support may be a 
moot point if metadata is not being addressed in a meaningful way from the bottom-up within 
communities of practice. 
 
Data Analysis and Statistical Support 
 
An unexpected finding of this research was the high level of importance survey respondents 
gave for the University providing data analysis and statistical support. UVM currently offers a 
free Statistical Consulting Clinic (SCC) for faculty and students, providing a range of services 
across all stages of research. For ‘big data’ users, the institution also established the Vermont 
Advanced Computing Core (VACC), a research facility offering high-performance computing 
for complex data sets, with three tiers of service that move from free to fee-based. While the 
latter is promoted by the Office of the Vice President for Research and is heavily utilized by 
specific disciplines, including complex systems, computer science, physics, and health 
sciences, it is unclear the extent to which campus constituents are aware of the SCC. In an 
informal interview with the director of the SCC in the first phase of this study, he said: “For the 
most part, I depend on word of mouth. Since it’s just me and I’m really very busy anyway, if I 
were to advertise… I’m afraid I would go crazy.” 
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While not explicitly addressed in the interview protocol, during the qualitative phase several 
researchers mentioned their use of external statistical consultants, paid for by their grant; the 
expectation of external funds covering such auxiliary services was likewise reiterated in 
conversations with UVM’s Vice President for Research. Yet this expectation is not a reality for 
many researchers. During the interview with the director of the SCC, he shared that he works 
with faculty across a broad spectrum of disciplines - psychology, social work, geography, 
agriculture, natural resources, and engineering were all mentioned – who conduct research 
without grants or newer faculty who haven’t secured grant funding yet. 
 
Separately but interconnected, institutional support of high performance computing, potentially 
to the detriment of more basic support and infrastructure, was critiqued by one survey 
respondent who wrote, “We shouldn’t forget that Humanities, Arts, and Social Scientists have 
technology needs, too, and they should, arguably, be more easily supported because their 
needs are more modest.” This is a fair critique: the director of the SCC said, “I’d love to have 
some help, but I don’t see that happening. But I could really use more assistance.” They 
continued by stating that when they retire in a few years, they are concerned that their 
positions will not be replaced, leaving a noticeable void in statistical support on campus. As 
UVM grapples with RDS now and into the future, it will be important to address and serve the 
needs of all faculty researchers, and it is clear from the survey data that data analysis and 
statistical support is an area to pay particular attention to. 
 
Informational Research Data Services 
 
Demand for informational RDS, typically provided by academic libraries, was notably lower 
than demand for technical RDS, as outlined above. While data management consultations and 
workshops had lukewarm support, do-it-yourself services such as an informational website or 
data management (DMP) templates and tools were popular. In particular, the latter could be 
addressed by a local installation of DMPTool, a software solution that would provide UVM-
specific sample documents and language that allow researchers to create high-quality DMPs 
to meet funder requirements. While the Office of Sponsored Programs website offers some 
information related to data management, the Biology researcher noted the difficulty in locating 
relevant information during their interview:  
 
There’s no coordination, and there’s no information about who to go to when you 
have [questions about data management]. If you go to the UVM web page about 
research it’s all about the money. How to get the money. How to get the patent. 
How to spend the money. It’s not about the support that people need once they’re 
doing the research or to do what they need to do after they get the money.  
 
The development of an informational website specifically geared towards data management, 
that pulls together information from these disparate stakeholders and focuses on support, 
could prove an effective foundation for establishing future RDS. This same website could 
serve as a portal to educate researchers on relevant federal data sharing mandates, as well as 
available disciplinary or other data repositories. 
 
At UVM, there is a strong possibility that the library is not currently perceived as a key 
stakeholder in RDS. A top challenge reported in Fearon et al’s 2013 multi-institutional study 
showed faculty non-engagement in data management activities was due to a lack of 
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awareness of library RDS. Similarly, Whitmire, Boock, and Sutton (2015) noted that one of the 
biggest challenges at Oregon State University has been a lack of visibility on campus of library
-provided research data services, such as reviewing data management plans. In a study at Cal 
Poly, San Luis Obispo, Scaramozzino, Ramírez, and McGaughey (2012) found that faculty 
were interested in RDS but the library was not perceived as the resource to provide such 
services. One survey respondent wrote in this study, “It definitely would be helpful to have 
[data management] resources available. I wrote my DMP unsure of what support UVM could 
offer in writing the plan and ultimately storing and sharing the data. If any support or guidance 
is available, it should be accessible through SPA and/or IRB where researchers need to go 
anyway for funded research.” 
 
This evidence builds towards the necessity of outreach in RDS, and particularly engaging with 
administration and faculty researchers about the role libraries can play in data management, 
as well as the need for collaboration with more ‘visible’ stakeholders on campus. Any 
successful endeavor at UVM would need to be the result of strategic collaboration between 
various stakeholders, including the Office of the Vice President for Research, campus IT, legal 
counsel, sponsored projects administration, and the libraries. This need for collaboration is 
underscored by the literature. Fearon et al (2013) reports on potential challenges with 
collaboration: “In order to provide comprehensive RDM services and to support scientists 
throughout the data lifecycle, libraries need to collaborate, either formally or informally, with 
other units at the institution… Forming these partnerships is listed as the biggest challenge by 
respondents, and in some cases has led to uncertain roles at the institution-level over which 
units have primacy over RDM” (20). Tenopir et al (2014) present such work in a more positive 
light: “Working with others on campus, as both teachers and joint learners of research data 
service specifics, will help the library play a shared role in building the future of research data 
at their universities” (89). 
 
This collaboration is key for a pragmatic reason: limited available resources, be it personnel, 
time, skills, money, or institutional support (Tenopir et al. 2015). Raboin, Reznik-Zellen, and 
Salo (2012) discuss how limited RDS can be without funding, administrative champions, or 
appropriate IT infrastructure, while Pinfield, Cox, and Smith (2014) suggest that a lack of 
institutional support may be a key reason RDS hasn’t been adopted faster, especially by 
academic libraries. Because libraries tend to be the initiators of RDS at higher-education 
institutions, Fearon et al (2013) found that academic libraries are absorbing the costs of most 
RDM services overall. The key challenges facing many research libraries are both tangible and 
social in nature: lack of money and resources, lack of faculty interest, lack of shared campus 
values, and the unwillingness of library staff to be retrained to manage data (Scaramozzino, 
Ramírez, and McGaughey 2012). 
 
It perhaps is to the institution’s benefit that there is minimal demand for informational RDS at 
this time because it begs the question, Who would be providing such services? Like the 
majority of academic libraries (Steinhart  et al. 2008; Cheek and Bradigan 2010; Fearon et al. 
2013; Raboin, Reznik-Zellen, and Salo 2012; Soehner, Steeves, and Ward 2010; Tenopir et al. 
2015), UVM Libraries does not have a dedicated data librarian to provide RDS. Instead, any 
services would be provided by individual subject librarians, who may or may not have the 
specific skills to meaningfully assist with data management. To this end, the breadth and depth 
of services offered will be significantly influenced by the available technical skills, advocacy 
skills, and research expertise of the librarian. Heidorn (2011) underscores this point: Because 
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RDM is heterogeneous in nature, it is very difficult for any single individual to have all the 
required knowledge and skills to provide RDS. While the role of outreach – educating faculty 
about available RDS – is important, equally important is the notion of ‘inreach,’ educating 
librarians about data management (Hswe and Holt 2011). Any consideration of future 
informational RDS would therefore need to be accompanied by opportunities for professional 
development, both within the libraries but also among campus stakeholders. 
 
Conclusion 
 
The need for data management support and services will continue to grow, especially as more 
faculty are being required to directly address RDM in grant applications. While there remains a 
question as to whether DMPs are taken seriously within the grant application process – either 
in actuality or in perception – there is some evidence to suggest that DMPs are being critically 
evaluated on some level: one survey respondent wrote, “I recently submitted an NSF proposal 
and was told my data management plan was inadequate but it was the one UVM provided. 
The institution needs to catch up as it was a factor in my rejection.” While not all researchers 
will be required to submit data management plans, attending to the needs of this subset of the 
population will benefit the entire institution. But it remains equally important to not focus 
myopically on just federally funded researchers, and stay attuned to the needs of all 
researchers, in particular those who do not have funding to support the range of their data 
management activities. 
 
The development of research data services at the University of Vermont will requires both a 
top-down and bottom-up approach: it needs to respond to need and demand by the 
researchers at the institution, but also needs to have leadership and resources provided by  
top-level administration in order to be successful. Hopefully, this research will also prove to be 
a tipping point internally, clearly demonstrating the need at UVM, not just for collaboration, but 
for support of research data management at every level and for every researcher. 
 
The study is not without its limitations. The samples for both strands of data were not fully 
representative of the populations of study, and there was potential confusion about key terms 
in the study, namely the conflation of data storage and data preservation/curation. Additionally, 
one of the more interesting themes to arise from the qualitative phase of the study was the 
perception of data management plans and attitudes towards data management planning. This 
theme resulted in the creation of a bipolar adjective scale, based on the Theory of Planned 
Behavior, to assess attitudes and beliefs towards the data management planning process in 
order to measure intention of implementing data management plans. This data has yet to be 
fully analyzed, and may uncover new understandings of the impact of DMPs and research 
data services, and provide interesting directions for future research studies. 
 
By using an exploratory sequential mixed methods research design to uncover UVM 
researchers’ data management practices and the challenges they face in managing digital 
data, this study allows for a deeper understanding of UVM researcher needs and to develop a 
robust plan to implement research data services that meet these needs. In particular, the 
strength of the mixed methods approach allowed for a deep dive into understanding the lived 
experiences of researchers’ data management practices via qualitative methods, while using 
the results of the qualitative analysis to build a survey instrument to more accurately measure 
data management activities at UVM, including behaviors and attitudes toward data 
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management planning. The integration of these two strands of data has been crucial to unpack 
the salient themes UVM should address through research data services. To date, related 
published studies have reflected either a qualitative or quantitative research orientation; this 
study successfully provides a model to strategically and systematically link qualitative and 
quantitative data into a truly mixed methods research design.  
 
Supplemental Content  
 
An online supplement to this article can be found at http://dx.doi.org/10.7191/jeslib.2017.1104 
under “Additional Files”. 
 
Acknowledgements 
 
The author thanks UVM faculty colleague Bernice Garnett, assistant professor, Department of 
Education, for her advice and feedback at multiple stages of this study.  
 
Disclosure 
 
The author reports no conflict of interest.   
 
References  
 
ACRL Research Planning and Review Committee. 2014. “Top Trends in Academic Libraries.” College & Research 
Libraries News 75(6): 294-302. http://crln.acrl.org/content/75/6/294.full 
 
———. 2016. “2016 Top Trends in Academic Libraries.” College & Research Libraries News 77(6): 274-281.  
http://crln.acrl.org/content/77/6/274.full 
 
Ajzen, Icek. 1991. “The Theory of Planned Behavior.” Organizational Behavior and Human Decision Processes  
50(2): 179-211. http://www.dx.doi.org/10.1016/0749-5978(91)90020-T 
 
———. 2005. Attitudes, Personality and Behavior. 2nd ed. Berkshire, UK: Open University Press. 
 
Ajzen, Icek, and Martin Fishbein. 2000. “Attitudes and the Attitude-Behavior Relation: Reasoned and Automatic 
Processes.” In European Review of Social Psychology, edited by W. Stroebe and M. Hewstone, 1-33. Chichester, 
UK: Wiley. 
 
Akers, Katherine G., and Jennifer Doty. 2013. “Disciplinary Differences in Faculty Research Data Management 
Practices and Perspectives.” International Journal of Digital Curation 8(2): 5-26.  
http://www.dx.doi.org/10.2218/ijdc.v8i2.263 
 
Antell, Karen, Jody Bales Foote, Jaymie Turner, and Brian Shults. 2014. “Dealing with Data: Science Librarians’ 
Participation in Data Management at Association of Research Libraries Institutions.” College & Research Libraries 
75(4): 557–74. http://www.dx.doi.org/10.5860/crl.75.4.557 
 
Bardyn, Tania P., Taryn Resnick, and Susan K. Camina. 2012. “Translational Researchers’ Perceptions of Data 
Management Practices and Data Curation Needs: Findings from a Focus Group in an Academic Health Sciences 
Library.” Journal of Web Librarianship 6(4): 274-287. http://www.dx.doi.org/10.1080/19322909.2012.730375 
 
Berman, Elizabeth A. 2017a. “An Exploratory Sequential Mixed Methods Approach to Understanding Researchers’ 
Data Management Practices at UVM: Findings from the Qualitative Phase.” Journal of eScience Librarianship  
6(1): e1097. https://www.doi.org/10.7191/jeslib.2017.1097 
 
 
Journal of eScience Librarianship 
 
e1104 | 21 
Understanding Data Management Practices to Develop RDS                              JeSLIB 2017; 6(1): e1104 
                 doi:10.7191/jeslib.2017.1104 
———. 2017b. “An Exploratory Sequential Mixed Methods Approach to Understanding Researchers’ Data 
Management Practices at UVM: Findings from the Quantitative Phase.” Journal of eScience Librarianship 6(1): 
e1098. https://www.doi.org/10.7191/jeslib.2017.1098 
 
Charmaz, Kathy. 2006. Constructing Grounded Theory: A Practical Guide through Qualitative Analysis. Thousand 
Oaks, CA: SAGE Publications. 
 
Cheek, Fern M., and Pamela S. Bradigan. 2010. “Academic Health Sciences Library Research Support.” Journal  
of the Medical Library Association 98(2): 167-171. http://www.dx.doi.org/10.3163/1536-5050.98.2.011 
 
Creswell, John W., and Vicki L. Plano Clark. 2011. Designing and Conducting Mixed Methods Research. SAGE 
Publications. 2nd ed. Thousand Oaks, CA: SAGE Publications. 
 
D’Ignazio, John, and Jian Qin. 2008. “Faculty Data Management Practices: A Campus-Wide Census of STEM 
Departments.” Proceedings of the American Society for Information Science and Technology 45(1): 1-6.  
http://www.dx.doi.org/10.1002/meet.2008.14504503139 
 
DDI Alliance Structural Reform Group. 2004. “DDI Combined Life Cycle Model.” Published June 10. 
http://www.ddialliance.org/system/files/Concept-Model-WD.pdf 
 
Diekema, Anne R., Andrew Wesolek, and Cheryl D. Walters. 2014. “The NSF/NIH Effect: Surveying the Effect  
of Data Management Requirements on Faculty, Sponsored Programs, and Institutional Repositories.” Journal  
of Academic Librarianship 40(3-4): 322-331. http://www.dx.doi.org/10.1016/j.acalib.2014.04.010 
 
Diekmann, Florian. 2012. “Data Practices of Agricultural Scientists: Results from an Exploratory Study.” Journal  
of Agricultural & Food Information 13(1): 14-34. http://www.dx.doi.org/10.1080/10496505.2012.636005 
 
Fearon, David Jr., Betsy Gunia, Sherry Lake, Barbara E. Pralle, and Andrew L. Sallans. 2013. “SPEC Kit 334: 
Research Data Management Services (July 2013).” Association of Research Libraries.  
http://publications.arl.org/Research-Data-Management-Services-SPEC-Kit-334 
 
Fetters, Michael D., Leslie A. Curry, and John W. Creswell. 2013. “Achieving Integration in Mixed Methods  
Designs - Principles and Practices.” Health Services Research 48(6pt2): 2134-2156.  
http://www.dx.doi.org/10.1111/1475-6773.12117 
 
Glaser, Barney G., and Anselm L. Strauss. 1967. The Discovery of Grounded Theory. New York: Aldine de Gruyter. 
 
Greene, Jennifer C., Valerie J. Caracelli, and Wendy F. Graham. 1989. “Toward a Conceptual Framework for  
Mixed-Method Evaluation Designs.” Educational Evaluation and Policy Analysis 11(3): 255-274.  
http://www.dx.doi.org/10.3102/01623737011003255 
 
Heidorn, P. Bryan. 2011. “The Emerging Role of Libraries in Data Curation and E-Science.” Journal of Library 
Administration 51(7-8): 662-672. http://www.dx.doi.org/10.1080/01930826.2011.601269 
 
Hswe, Patricia, and Ann Holt. 2011. “Joining in the Enterprise of Response in the Wake of the NSF Data 
Management Planning Requirement.” Research Library Issues: A Bimonthly Report from ARL, CNI, and SPARC 
274: 11-17. http://publications.arl.org/rli274 
 
Jones, Sarah, Graham Pryor, and Angus Whyte. 2013. “How to Develop Research Data Management Services -  
a Guide for HEIs How to Develop Research Data Management.” DCC How-to Guides. Edinburgh: Digital Curation 
Centre. http://www.dcc.ac.uk/resources/how-guides  
 
Lage, Kathryn, Barbara Losoff, and Jack Maness. 2011. “Receptivity to Library Involvement in Scientific Data 
Curation: A Case Study at the University of Colorado Boulder.” Portal: Libraries and the Academy 11(4): 915-937. 
http://www.dx.doi.org/10.1353/pla.2011.0049 
 
MacColl, John. 2010. “Library Roles in University Research Assessment.” LIBER Quarterly 20(2): 30-42.  
http://www.dx.doi.org/10.1080/15332901003765811 
 
 
Journal of eScience Librarianship 
 
e1104 | 22 
Understanding Data Management Practices to Develop RDS                              JeSLIB 2017; 6(1): e1104 
                 doi:10.7191/jeslib.2017.1104 
Marcus, Cecily, Stephanie Ball, Leslie Delserone, Amy Hribar, and Wayne Loftus. 2007. “Understanding Research 
Behaviors, Information Resources, and Service Needs of Scientists and Graduate Students: A Study by the 
University of Minnesota Libraries.” Minnesota Libraries.  
 
Martin, Elaine. 2015. “Targeting and Customizing Research Data Management Services (RDM).” Journal of 
eScience Librarianship 4(1): e1086. http://www.dx.doi.org/10.7191/jeslib.2015.1086 
 
Mattern, Eleanor, Wei Jeng, Daqing He, Liz Lyon, and Aaron Brenner. 2015. “Using Participatory Design and Visual 
Narrative Inquiry to Investigate Researchers’ Data Challenges and Recommendations for Library Research Data 
Services.” Program: Electronic Library and Information Systems 49(4): 408-423.  
http://www.dx.doi.org/10.1108/PROG-01-2015-0012 
 
McLure, Merinda, Allison V. Level, Catherine L. Cranston, Beth Oehlerts, and Mike Culbertson. 2014. “Data 
Curation: A Study of Researcher Practices and Needs.” Portal: Libraries and the Academy 14(2): 139-164.  
http://www.dx.doi.org/10.1353/pla.2014.0009 
 
Mischo, William H., Mary C. Schlembach, and Megan N. O’Donnell. 2014. “An Analysis of Data Management  
Plans in University of Illinois National Science Foundation Grant Proposals.” Journal of eScience Librarianship  
3(31): 3-31. http://www.dx.doi.org/10.7191/jeslib.2014.1060 
 
National Science Foundation. 2017. “NSF Organization List.” Accessed February 28.  
http://www.nsf.gov/staff/orglist.jsp 
 
Onwuegbuzie, Anthony J., Rebecca M. Bustamante, and Judith A. Nelson. 2010. “Mixed Research as a Tool for 
Developing Quantitative Instruments.” Journal of Mixed Methods Research 4(1): 56-78.  
http://www.dx.doi.org/10.1177/1558689809355805 
 
Onwuegbuzie, Anthony J., and Julie P. Combs. 2010. “Emergent Data Analysis Techniques in Mixed Methods 
Research: A Synthesis.” In Sage Handbook of Mixed Methods in Social & Behavioral Research, edited by A. 
Tashakkori and C. Teddlie, 2nd ed., 397-430. Thousand Oaks, CA: SAGE Publications. 
 
Parham, Susan Wells, Jon Bodnar, and Sara Fuchs. 2012. “Supporting Tomorrow’s Research: Assessing  
Faculty Data Curation Needs at Georgia Tech.” College & Research Libraries News 73(1): 10-13.  
http://crln.acrl.org/cgi/content/abstract/73/1/10 
 
Parham, Susan Wells, Jake Carlson, Patricia Hswe, Brian Westra, and Amanda Whitmire. 2016. “Using Data 
Management Plans to Explore Variability in Research Data Management Practices across Domains.” International 
Journal of Digital Curation 11(1): 53-67. http://www.dx.doi.org/10.2218/ijdc.v11i1.423 
 
Parham, Susan Wells, and Chris Doty. 2012. “NSF DMP Content Analysis: What Are Researchers Saying?” Bulletin 
of the American Society for Information Science and Technology 39(1): 37-38.  
http://www.dx.doi.org/10.1002/bult.2012.1720390113 
 
Peters, Christie, and Anita Riley Dryden. 2011. “Assessing the Academic Library’s Role in Campus-Wide Research 
Data Management: A First Step at the University of Houston.” Science & Technology Libraries 30(4): 387-403. 
http://www.dx.doi.org/10.1080/0194262X.2011.626340 
 
Pinfield, Stephen, Andrew M. Cox, and Jen Smith. 2014. “Research Data Management and Libraries: Relationships, 
Activities, Drivers and Influences.” PLoS ONE 9(12): e114734. http://www.dx.doi.org/10.1371/journal.pone.0114734 
 
Qin, Jian, and John D’Ignazio. 2010. “The Central Role of Metadata in a Science Data Literacy Course.” Journal of 
Library Metadata 10(2-3): 188-204. http://www.dx.doi.org/10.1080/19386389.2010.506379 
 
Raboin, Regina, Rebecca Reznik-Zellen, and Dorothea Salo. 2012. “Forging New Service Paths: Institutional 
Approaches to Providing Research Data Management Services.” Journal of eScience Librarianship 1(3): e1021. 
http://www.dx.doi.org/10.7191/jeslib.2012.1021 
 
Rice, Robin, and Jeff Haywood. 2011. “Research Data Management Initiatives at University of Edinburgh.” 
International Journal of Digital Curation 6(2): 232-244. http://www.dx.doi.org/10.2218/ijdc.v6i2.199 
 
Journal of eScience Librarianship 
 
e1104 | 23 
Understanding Data Management Practices to Develop RDS                              JeSLIB 2017; 6(1): e1104 
                 doi:10.7191/jeslib.2017.1104 
Scaramozzino, Jeanine Marie, Marisa L. Ramírez, and Karen J. McGaughey. 2012. “A Study of Faculty Data 
Curation Behaviors and Attitudes at a Teaching-Centered University.” College & Research Libraries 73(4): 349-365. 
http://www.dx.doi.org/10.5860/crl-255 
 
Soehner, Catherine, Catherine Steeves, and Jennifer Ward. 2010. “E-Science and Data Support Services A Study 
of ARL Member Institutions.” Association of Research Libraries. Washington: DC.  
http://www.arl.org/storage/documents/publications/escience-report-2010.pdf 
 
Steinhart, Gail, Eric Chen, Florio Arguillas, Dianne Dietrich, and Stefan Kramer. 2012. “Prepared to Plan? A 
Snapshot of Researcher Readiness to Address Data Management Planning Requirements.” Journal of eScience 
Librarianship 1(2): e1008. http://www.dx.doi.org/10.7191/jeslib.2012.1008  
 
Steinhart, Gail, John Saylor, Paul Albert, Kristine Alpi, Pam Baxter, Eli Brown, Kathy Chiang, Jon Corson-Rikert, 
Peter Hirtle, Keith Jenkins, Brian Lowe, Janet McCue, David Ruddy, Rick Silterra, Leah Solla, Zoe Stewart-
Marshall, and Elaine L. Westbrooks. 2008. “Digital Research Data Curation: Overview of Issues, Current Activities, 
and Opportunities for the Cornell University Library.” eCommons: Cornell’s digital repository.  
http://hdl.handle.net/1813/10903 
 
Teddlie, Charles, and Abbas Tashakkori. 2008. Foundations of Mixed Methods Research: Integrating Quantitative 
and Qualitative Techniques in the Social and Behavioral Sciences. Thousand Oaks, CA: SAGE Publications. 
 
Tenopir, Carol, Suzie Allard, Kimberly Douglass, Arsev Umur Aydinoglu, Lei Wu, Eleanor Read, Maribeth Manoff, 
and Mike Frame. 2011. “Data Sharing by Scientists: Practices and Perceptions.” PLoS ONE 6(6): e21101.  
http://www.dx.doi.org/10.1371/journal.pone.0021101 
 
Tenopir, Carol, Ben Birch, and Suzie Allard. 2012. “Academic Libraries and Research Data Services: Current 
Practices and Plans for the Future: An ACRL White Paper.” Association of College & Research Libraries. 
http://www.ala.org/acrl/sites/ala.org.acrl/files/content/publications/whitepapers/Tenopir_Birch_Allard.pdf 
 
Tenopir, Carol, Dane Hughes, Suzie Allard, Mike Frame, Ben Birch, Lynn Baird, Robert J. Sandusky, Madison 
Langseth, and Andrew Lundeen. 2015. “Research Data Services in Academic Libraries: Data Intensive Roles for 
the Future?” Journal of eScience Librarianship 4(2): e1085. http://www.dx.doi.org/10.7191/jeslib.2015.1085 
 
Tenopir, Carol, Robert J. Sandusky, Suzie Allard, and Ben Birch. 2014. “Research Data Management Services in 
Academic Research Libraries and Perceptions of Librarians.” Library & Information Science Research 36(2): 84-90. 
http://www.dx.doi.org/10.1016/j.lisr.2013.11.003 
 
The Carnegie Classification of Institutions of Higher Education. 2017. “Methodology.” Accessed February 28.  
http://carnegieclassifications.iu.edu/methodology/basic.php 
 
University of Vermont. 2017. “UVM Facts.” Accessed February 22. https://www.uvm.edu/uvm_facts  
 
UVM Libraries. 2015. “Dana Medical Library 2015 Annual Report .” 
http://library.uvm.edu/dana/about/annual_reports/2015AnnualReport.pdf 
 
Varvel, Virgil E., and Yi Shen. 2013. “Data Management Consulting at The Johns Hopkins University.” New Review 
of Academic Librarianship 19(3): 224-245. http://www.dx.doi.org/10.1080/13614533.2013.768277 
 
Walters, Tyler O. 2009. “Data Curation Program Development in U.S. Universities: The Georgia Institute of 
Technology Example.” International Journal of Digital Curation 4(3): 83-92.  
http://www.dx.doi.org/10.2218/ijdc.v4i3.116 
 
Weller, Travis, and Amalia Monroe-Gulick. 2014. “Understanding Methodological and Disciplinary Differences in the 
Data Practices of Academic Researchers.” Library Hi Tech 32(3): 467-482.  
http://www.dx.doi.org/10.1108/LHT-02-2014-0021 
 
Westra, Brian. 2010. “Data Services for the Sciences: A Needs Assessment.” Ariadne 64.  
http://www.ariadne.ac.uk/issue64/westra 
 
 
Journal of eScience Librarianship 
 
e1104 | 24 
Understanding Data Management Practices to Develop RDS                              JeSLIB 2017; 6(1): e1104 
                 doi:10.7191/jeslib.2017.1104 
Whitmire, Amanda L., Michael Boock, and Shan C. Sutton. 2015. “Variability in Academic Research Data 
Management Practices: Implications for Data Services Development from a Faculty Survey.” Program: Electronic 
Library and Information Systems 49(4): 382-407. http://www.dx.doi.org/10.1108/PROG-02-2015-0017 
 
Whyte, Angus, and Jonathan Tedds. 2011. “Making the Case for Research Data Management.”  DCC Briefing 
Papers. Edinburgh: Digital Curation Centre. http://www.dcc.ac.uk/resources/briefing-papers/making-case-rdm 
 
Williams, Sarah C. 2013. “Gathering Feedback from Early-Career Faculty : Speaking with and Surveying 
Agricultural Faculty Members about Research Data.” Journal of eScience Librarianship 2(2): e1048. 
http://www.dx.doi.org/10.7191/jeslib.2013.1048 
 
Wilson, James A. J., Luis Martinez-Uribe, Michael A. Fraser, and Paul Jeffreys. 2011. “An Institutional Approach to 
Developing Research Data Management Infrastructure.” International Journal of Digital Curation 6(2): 274-287. 
http://www.dx.doi.org/10.2218/ijdc.v6i2.203 
 
Witt, Michael, Jacob Carlson, D. Scott Brandt, and Melissa H. Cragin. 2009. “Constructing Data Curation Profiles.” 
International Journal of Digital Curation 4(3): 93-103. http://www.dx.doi.org/10.2218/ijdc.v4i3.117 
